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Abstract

This chapter builds upon research about human-made versus Al-generated art and emotional
response. The authors conduct a Turing test to assess whether individuals perceive CS-generated
images as human-made or Al-based and whether they consider them art. The chapter highlights
their study, as well as a gallery exhibition of human and Al art.

Introduction

Advancements in artificial intelligence (Al) have significantly influenced the art industry,
automating many creative processes (Jiang et al. 2023). This influence manifests in two
primary areas, namely using Al to analyze existing art and using Al to create new art (Cetinic
and She 2022). Additionally, large-scale digitization and social media have increased the
availability of online art collections, enabling new research perspectives for both classification
and creation. These technological advancements are reshaping the way art is both produced,
taught, and perceived.

The integration of generative Al into art marks a major shift in how creativity is understood
and taught. Al is no longer just a tool but a creative partner, producing novel works that
challenge traditional ideas of authorship. This requires a new educational approach where
creators learn technical skills alongside critical engagement with Al, including prompt
engineering and ethical awareness, to harness AI’s potential while maintaining human
intention and emotion (Garcia 2024). Art and design education is evolving from focusing
mainly on technical skills to emphasizing conceptual thinking and the interaction between form
and content. Al tools are introduced as collaborators that enhance human creativity, requiring
students to develop new competencies and engage in interdisciplinary, innovative learning
environments. This prepares students to work effectively in a creative landscape where human
and machine creativity intersect (Hutson et al. 2023).

In generative art research aimed at classification, computational techniques are applied for
distant viewing, examining large datasets, and close reading, which concentrates on in- dividual
artworks. Automated classification of artworks by artist, style, or genre has been a significant
challenge. Al algorithms, such as convolutional neural networks (CNNs), have greatly
improved classification accuracy. A CNN is a type of deep learning algorithm designed to
process and analyze visual data by mimicking the way the human eye works, using
overlapping windows to detect patterns and features in images (O’Shea 2015). Additionally,
the use of deep neural networks (DNNSs) helps to recognize objects, faces, and motifs in
paintings. A DNN is a type of artificial neural network with multiple layers between the input
and output layers, designed to model complex patterns and relationships in data (Saleem et al.
2022). This includes the development of smart retrieval systems that help organize and
analyze large collections of artworks.

This technological shift has created new research areas, including computational aesthetics
(Neumann et al. 2005), attractiveness computing (Chu et al. 2019), and computational
creativity (Colton 2012). Moreover, Al-powered image creation tools (or image generators) such
as Stable Diffusion (Rombach et al. 2022), Midjourney (Holz 2024), Adobe Firefly
(Huang 2024), and DALL-E (Ramesh et al. 2022) have become widely popular and
accessible today. These tools generate visuals by processing vast datasets of images and text,
compressing them into a latent space (Takagi and Nishimoto 2023). For example, the Stable
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Diffusion model was trained on a subset of the LAION-5B dataset, which includes 5.85
billion image-text pairs (Schuhmann et al. 2022). Similarly, DALL-E uses generative
adversarial networks (GANSs) and a vector quantized variational autoencoder 2 (VQVAE-
2) to produce high-quality images (OpenAl 2023). GANSs involves an Al algorithm that
consists of two neural networks: a generator that creates images from random noise and a
discriminator that differentiates between real and generated images. Through adversarial training,
these networks produce realistic outputs (Elgammal 2017).

Al image generators can create thousands of images from prompts or existing images, often
matching the quality of traditional artworks across various styles (Borji 2022). This capability has
sparked debates about the authenticity and artistic value of Al-generated art. Proponents argue
that Al creations exhibit creativity and deserve legal recognition, while critics question the role
of human authorship. The debate focuses on the boundaries between Al-generated and
traditional art, particularly concerning attribution and ownership (Bonadio and McDonagh 2020).
Al-based image generators raise concerns for artists, including plagiarism, financial losses, and
copyright violations (Jiang et al. 2023; Zhou et al. 2023).

A notable legal case currently being debated is Andersen v. Stability AIl, where artists have
filed a class-action lawsuit against Al companies like Stability Al, Midjourney, and
DeviantArt. The artists claim that these companies’ Al models, which rely on datasets like
LAION-5B, infringe on their copyrights by using their artworks without permission to train
Al models (Andersen et al. 2023). This case highlights the ongoing legal and ethical
challenges surrounding Al-generated art and copyright infringement. In August 2024, Judge
William Orrick dismissed the plaintiffs’ Digital Millennium Copyright Act (DMCA) claims
with prejudice but allowed the direct copyright infringement, trademark, and inducement
claims to proceed (Madigan 2024). The case continues toward trial with a narrowed scope
(focused on LAION datasets). Additionally, on March 19, 2025, the court resolved a dispute
over an electronically stored information (ESI) protocol, emphasizing the need for specificity
in handling electronic discovery (Berman 2025). This case continues to evolve, highlighting
the complexities of copyright law in the context of generative Al technologies.

Hertzmann (2020) argues that referring to Al systems as independent artists is misleading
because it attributes human-like qualities to these systems. This perspective highlights the
fundamental differences between human creativity and machine-generated outputs,
emphasizing that Al lacks the consciousness and intentionality inherent in human artistry.
Furthermore, participants in a study (Demmer et al. 2023) reported stronger emotional
responses to human-made art, suggesting that the human touch in art creation fosters deeper
emotional connections and resonates more profoundly with audiences.

Conversely, Watiktinnakorn et al. (2023) contend that Al-generated works can achieve a quality
comparable to human creations, thus justifying their classification as art. They argue that the
technical proficiency and aesthetic value of Al-generated art can meet human standards,
challenging traditional notions of creativity and authorship. However, studies by Hong and
Curran (2019) and Ragot et al. (2020) show that people generally prefer human-made
artworks over Al-generated ones. This debate underscores the evolving landscape of art in

the age of Al, where the boundaries between human and machine creativity are increasingly
blurred.

Nevertheless, Dewey’s (1934) definition of art, as articulated in Art as Experience,
emphasizes the experiential nature of art, viewing it as an interactive process involving both
the creator and the observer. He prioritizes the creative process over the final product,
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suggesting that the value of art lies in the experience it provides. Art, according to Dewey, is
a form of communication that conveys the artist’s emotions and experiences, fostering a shared
understanding. He also stresses the importance of aesthetic quality, which unifies and intensifies
experiences, making them more meaningful. Dewey believes that art plays a crucial role in
society by promoting communication, empathy, and social cohesion, thus enhancing human
experience and supporting democratic values.

However, some artists and viewers embrace unpredictability as a new form of creativity that
blurs the line between intention and randomness (Lopez-Rincon 2013). This perspective
values the unique and often surprising outputs generated by AIl, viewing them as a
collaboration between human and machine that pushes the boundaries of traditional art forms.
While some artists see Al image generators as valuable creative tools that can inspire new
ideas and streamline the creative process, others worry about their ability to mimic artistic
styles and produce multiple images quickly, a feat unattainable by human artists (Vallance
2023).

A notable example is the Al-generated painting Portrait of Edmond Belamy, which sold for
$432,500 (Christies 2018) at auction. Created using a GAN trained on fifteen thousand
portraits from the fourteenth to twentieth centuries, this artwork ignited discussions about
authorship and the nature of art (Goenaga 2020). Despite this, Al tools have been shown to
enhance human creativity, increasing productivity by 25% (Zhou and Lee 2024). The
collaboration between human artists and Al, known as generative synesthesia, leads to
innovative artistic expressions. Generative synesthesia is when human creativity and AI work
together to create new and exciting art. It happens when people come up with ideas and use
Al to turn those ideas into unique artworks (Dolan 2024). As Al continues to evolve, it
challenges traditional aesthetic norms and the definition of creativity. However, some artists
worry about the impact of Al on their livelihoods (Jiang et al. 2023). Therefore, it is crucial
to use Al image generators as tools to complement human creativity rather than replace it
(Jiang et al. 2023). This balance ensures that the unique qualities of human artistry are
preserved while benefiting from the efficiencies and novel possibilities offered by Al

The rapid development of Al technologies in the art world not only challenges traditional
notions of creativity but also opens new avenues for artistic expression. As Al advances, it is
essential to consider the ethical implications and potential impacts on the art community.
Authorship, copyright, and ethical issues are significant concerns, particularly regarding who
holds the rights to Al-generated artworks and the ethical considerations related to data sources
and the originality of Al art. The integration of Al in art creation raises questions about the
future of human artists and the value of human creativity. While Al can enhance and expand
artistic possibilities, maintaining a balance where human input and creativity remain central is
crucial. This balance ensures that art continues to reflect human experience and emotion,
enriched by AI’s innovative capabilities.

As companies transition toward automating creative processes (Jiang et al. 2023; Hermann
and Puntoni 2024), our proposed solution involves incorporating artists into the loop. By
integrating artists into the Al-driven creative process, we hope to enhance the authenticity and
emotional impact of Al-generated artworks, ensuring they complement rather than replace
human creativity. Starting from an artist’s work, we develop variants of the artwork. This
approach not only preserves the unique human touch in creative works but also leverages the
efficiency and scalability of Al technologies (Darstaru 2024).



In a prior study (Rueda-Arango et al. 2024a), the authors investigated the feasibility of artwork
generation using a cooperative system (CS). However, an open question remains regarding how
other individuals perceive the resulting images. In another, individuals can often distinguish
Al-generated art from human-made art with an accuracy of 70.37% (Rueda-Arango et al. 2024b).
Despite this ability to distinguish, the preference for Al- generated art does not significantly differ
from human-made art. With forty-five participants, 31.85% preferred human-made artworks,
26.67% preferred co-designed artworks (human and Al), and 37.78% preferred Al-generated
artworks. The preference for Al-generated art was particularly notable in one of the examples
provided in the study.

This contrasts the studies by Hong and Curran (2019) and Ragot et al. (2020), which found
that human-created artworks were generally rated higher in artistic value and perceived beauty
compared to Al-generated ones. Nevertheless, this study was conducted online, so we expect that
when shown in a gallery, we might find different results. Online galleries offer convenience and
accessibility, allowing viewers to explore a vast array of artworks from the comfort of their
homes. However, they lack the tactile and immersive experience of in-person galleries, where
viewers can appreciate the scale, texture, and presence of artworks firsthand. The authenticity and
emotional impact of seeing art in person often leads to a deeper connection and appreciation.
Therefore, the environment in which art is viewed can significantly influence perceptions and
preferences (Evrard and Krebs 2018).

Al is reshaping traditional art forms by acting both as a disruptive force and an enhancer of
creativity. Al tools like generative adversarial networks and text-to-image models democratize
artistic expression, increase productivity, and preserve cultural heritage. However, challenges
remain around authenticity, ethical use of data, and socio-economic impacts such as job
displacement. Teaching creativity today involves guiding artists to harness Al as a
collaborative partner that amplifies human creativity while addressing these ethical and
practical concerns (Marella et al. 2025). This requires helping artists see Al as a tool for
expanding ideation rather than replacing originality (El Ardeliya et al. 2024). Educators
must prepare artists to critically engage with Al tools, balancing technological innovation with
the preservation of human creativity and ethical responsibility (Boji¢ et al. 2025).

Methodology

Large-scale text-to-image Al models like DALL-E and Stable Diffusion offer new creative
opportunities but also pose challenges for artists integrating them into their workflows. Teaching
creativity today involves guiding artists to use these models for automation, exploration,
and mediation, with practical training in prompt engineering, model customization, and
multimodal interaction. This approach helps artists embrace Al as a versatile tool that
complements human creativity, fostering a collaborative new paradigm in art-making (Ko et
al. 2023).

This study involves incorporating artists into the Al image generation loop, aligning with the
principles of interactive evolutionary systems (IES) (Rueda-Arango et al. 2024a). IES are
computational models that combine evolutionary algorithms with human evaluation to
optimize designs based on subjective criteria such as aesthetic appeal. These systems rely on
human feedback to guide the evolutionary process, making them particularly useful in fields
like art and design where objective fitness functions are difficult to define (Gu et al. 2006).
IES generate and evolve numerous alternative designs. Next, these designs are evaluated by
the user, and a new generation of designs are created based on user preferences (Li and Hu 2010).
In this context, IES allows for a collaborative approach where artists actively participate in



shaping the output, ensuring more human control in the creative process (Li and Hu 2010;
Rueda-Arango et al. 2024a) as shown in figure 12.1.

Generate Variations
Figure 12.1. The IES generates thousands of variations of the original handmade artwork (4) until the

user sets on a design following their artistic vision (B).

In this project, we aim to demonstrate that we can use Al systems, specifically IES (Li and
Hu 2010), in a co-design technique to further enhance the possibilities of an artist’s vision. An
IES with an image generator is a collaborative framework that combines human creativity with the
computational power of Al to generate and evolve artworks. An IES involves evolutionary
algorithms that simulate the process of natural selection to evolve designs over successive
generations, with user interaction playing a crucial role in guiding this process.

Users, typically artists, interact with the system by selecting preferred designs, which then
inform the evolutionary algorithm to produce more refined and preferred designs in
subsequent generations. Techniques like Bayesian optimization (BO) are often employed to
reduce the number of evaluations needed to adjust parameters, enhancing efficiency. The
process begins with an initial artwork created by an artist, which serves as the reference or base
image. Using an image generator, the system generates multiple variants of the initial artwork
by optimizing parameters like initialization image strength, generation steps, and prompt
guidance. The artist reviews these variants and selects the ones that best align with their
vision, guiding the evolutionary algorithm to produce more refined designs. This iterative
process continues until the desired outcome is achieved, combining human creativity with AI’s
ability to generate numerous design variations quickly.

Based on a public engagement initiative from Utrecht University, we made calls and
invited artists to participate in this study. From this, we selected eighteen artists to work
with for four to six months using an IES application or other Al-based generators.
Specifically, for images, we worked with the NOOMKRAD (NMKD 2023) Stable Diffusion
graphical user interface (GUI). The NMKD Stable Diffusion GUI is a user-friendly,
somewhat modular GUI designed for generating images using the Stable Diffusion model. The
NMKD Stable Diffusion GUI does not automatically share generated images with the
internet. The images created using this tool are stored locally on the device. This ensures that
the creations remain private unless the user chooses to share them. This approach allowed
artists to explore new creative possibilities while retaining the unique human touch in their
artworks.

For this project, we generated artworks interactively with artists from various mediums and
nationalities using Auman-in-the-loop techniques (Rueda-Arango et al. 2024a). For instance,
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we asked the artists to create original artworks. Then, using an IES, we generated different
variants of the original artworks, from which the artists selected their preferred versions. In
figures 12.2 and 12.3, we can see an example where the base is a photograph, followed by the
variant selected by the artist, and finally, a re-creation of the variant by the artist.

To showcase the work, we organized an art exhibition at Laura Notari Studio in the city
of Hilversum with the help of Utrecht University and the Mexican Embassy. The
exhibition featured original artworks, those generated by the IES, and Al-created pieces, all
displayed alongside explanations of their creation in high-quality prints. Artists were asked to
provide a brief description of their experience. Afterwards, the attendees were given a
questionnaire to select their preferred artworks from Experiment 1 and Experiment 2, with two
additional questions: Do you believe Generative AI can be a tool for artists (Yes/No)? and
(Optional) Why? Finally, using the information for Why? from the audience and from the
artists, we made a summary of the written answers.

Figure 12.2. (Left) Original photograph. (Middle) Digital print of the generated photograph with IES in
co-design. (Right) Handmade reproduction of generated photograph with IES in co-design. Series
Metamorphosis by Laszlo Szabo, reproduction with express permission of the artist.

Figure 12.3. (Left) Original photograph. (Middle) Digital print of the generated photograph with IES in
co-design. (Right) Handmade reproduction of generated photograph with IES in co-design. Series The
Chaos in the Crystal by Razvan Andrei Tipurita, reproduction with express permission of the artist.
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Experiment 1

Following the procedure, we asked the artists to make original artworks. Then, we used a
special system to create different versions of these artworks in co-design. The artists then
picked the one they liked best. Next, we tried to re-create something similar using generative
Al. Finally, the co-created artwork was done (handmade) as close as possible to the digital
version by the artist. We did this twice (Figures 4 and 5). Next, we mounted the original
artwork, the re-created co-designed variant, and the Al version printed next to each other in
the gallery. Finally, we asked visitors of the gallery which of the three they preferred from
the two sets.

C)

Figure 12.4. (A) Original handmade artwork. (B) Handmade reproduction of generated artwork with IES
in co-design. (C) Image generated using just Al. Series Walking in the Dark from Dianey Rueda-
Arango, reproduction with express permission of the artist.

A) B)
Figure 12.5: (A) Original handmade artwork. (B) Handmade reproduction of generated artwork with IES
in co-design. C) Image generated using just Al. Series Blooming from within Your Soul from Dianey
Rueda-Arango, reproduction with express permission of the artist.

Experiment 2

We selected two other artworks, with their chosen variant in co-design. Again, the co-created
artwork was done (handmade) as close as possible to the digital version by the artist (Figures
12.6 and 12.7).



Figure 12.6. Example of questionnaire. (A) Original handmade artwork. (B) Digital print of the
generated artwork with IES in co-design. C) Handmade reproduction of generated artwork with IES in co-
design. Series Nanuhu by Naomi (Nahumury) Zwart, reproduction with express permission of the artist.

A) B)
Figure 12.7. Example of questionnaire. (A) Original handmade artwork. (B) Digital print of the
generated artwork with IES in co-design. (C) Handmade reproduction of generated artwork with IES in
co-design. Series Beautiful Garden by Laura Notari, reproduction with express permission of the artist.

Next, we mounted the original artwork, a printed version of the selected variant, and the re-created
co-designed variant next to each other in the gallery. Finally, we asked gallery visitors which of
the three they preferred from the two sets.

Results
The gallery exhibition had more than one hundred attendees. However, only thirty-seven answered
the questionnaire. For Experiment 1, in the case of Artwork 1, the audience preferred the base

painting. However, for Artwork 2, the audience considerably preferred the co-designed re-creation
(Figure 12.8).



Comparison of Artworks by Creation Method
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Figure 12.8. Comparison of the selection of the audience for Experiment 1.

From Experiment 2, we found that the visual medium matters. Despite the quality of the
printing, the audience preferred the visual appeal of something handmade. For Artwork 3, the
audience chose the base painting, while for Artwork 4, they preferred the handmade reproduction
of the co-creation (Figure 12.9).
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Figure 12.9. Comparison of the selection of the audience for Experiment 2.



Taking into account both experiments, we can compare the original artwork and the co-
creation, both handmade, to determine user preference (Figure 12.10).The results are as
follows: for the original artwork (u = 0.4305, ¢ = 0.2204) and for the re-creation (u =
0.4236, 6 = 0.1768). Given the high standard deviation (as seen in Artwork 3), the results are
not significant. This implies that user preference is independent of how the artwork was
created.

Comparison of Artworks by Creation Method

[ Base Artwork

289 [ Co-Design Recreation

0.7 +

<
[%4]
1

e
n
1

Proportion

o
L
|

0.2 1

0.1+

0.0 -
Artwork 1 Artwork 2 Artwork 3 Artwork 4 Average

Artworks

Figure 12.10: Comparison of the selection of the audience for creation of the artwork (in co- creation
or not).

Finally, from the question: Do you believe Generative Al can be a tool for artists (Yes/No)?,
all participants (100%) chose Yes.

Opinion from Artists
From the information gathered from asking each artist individually, we generated this
summary:

One painter explored Al by merging traditional painting with Al-generated designs. The
process revealed Al’s potential as a tool for inspiration, offering innovative ideas, though it
lacked the emotional resonance of human-created art. Another artist found that Al tools
allowed for more fluid creativity, replicating physical objects within paintings and leading to
surprising results. Al is viewed as another method to express oneself and convey messages.

For some artists, Al offers numerous possibilities and serves as a tool to maximize creativity
and inspire new ideas. A photographer, initially skeptical about Al, discovered that Al could
closely replicate artworks, sometimes improving the original, though it lacked spontaneity
and emotion. Another artist experimenting with Al sees great potential in the synergy between
human creativity and technology. Al tools save time on technical tasks, allowing more time
for reflection and creativity. The future of art is seen as collaborative, with Al empowering
artists rather than replacing them.

For the case of musicians and an Al filmmaker, we followed a similar process, but we used
different computational tools. A musician and producer expressed mixed feelings, valuing

10



the personal touch and effort in traditional music creation but acknowledging AI’s potential
to enhance creativity when used thoughtfully. An Al filmmaker sees Al as a collaborator that
challenges creativity and originality, amplifying creativity and offering new ways to tell
stories and explore emotions. The human touch remains essential in shaping the vision and
adding depth. Each artist brings a unique perspective on the role of Al in art, highlighting both
its potential and limitations.

Opinion from Audience

From the information gathered from the questionnaires, we generated this summary: Al offers
numerous opportunities to enhance creativity, especially during periods when artists feel low
on motivation or ideas. It can help inspire and allow artists to explore new directions. As a
future tool, Al can automate and streamline tedious tasks, making the creative process more
efficient. However, it’s crucial that the input remains personal and thoughtful.

Al can support artists by providing creative stimulation and helping to overcome creative blocks.
While authenticity is essential, Al can be a valuable co-creation tool, offering new perspectives
and ideas. In the commercial art world, Al is already widely used, and learning to work with
it can be beneficial for careers in industries like game development. Famous artists can continue
to thrive by selling artisanal, human-made art.

Al can assist in generating ideas for artistic expression, defining storytelling elements, and
better understanding target customers through synthetic profiling. Al is like a new version of
Photoshop, offering novel and exciting ways to explore creativity. While Al won’t replace
artists anytime soon, it can serve as a handy tool for creative stimulation, especially when
artists feel blocked.

Art comes from the heart, and each artist chooses the tools they want to use. Al can help clear
creative blocks, spark initial ideas, and serve as a blueprint for more developed works. It can
also exaggerate features, shapes, and outlines, helping adults recapture their imagination.
Embracing Al as a tool for creative stimulation and co-creation can lead to exciting new
possibilities in the art world.

Discussion

The convergence of art and Al has opened new avenues for creativity, allowing artists to push
the boundaries of their imagination through what we call generative synesthesia. Generative
synesthesia combines human creativity with Al to create new artistic forms. Inspired by
synesthesia, where one sense triggers another, such as seeing colors when hearing music, this
approach enables artists to explore innovative possibilities. By using Al to generate unique
patterns and artworks, it enhances productivity and leads to novel artistic expressions.

AT’s ability to produce distinctive patterns, artworks, and even mimic famous styles has
resulted in creations that challenge traditional concepts of authorship and creativity. While
some critics argue that Al-generated art lacks the emotional depth of human-made works, others
view it as a new form of expression that reflects the digital age. This fusion of Al and art
expands opportunities for innovation and collaboration.

The methodology used in this study incorporated artists into the image generation loop through
IES. This approach provided a collaborative framework where human creativity and Al’s
computational power worked together to generate and refine artworks. The iterative process,
guided by user preferences, ensured that the final pieces aligned with the artists’ vision. This
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method not only improved the creative process but also preserved the unique human touch in the
artworks.

Generative Al tools have become integral to artistic communities, enabling creators to enhance
their processes through Al-assisted ideation and production. Research shows that Al can
increase creative output and audience engagement, although concerns about style convergence
and originality remain. Educators play a key role in integrating Al into art education by
teaching skills such as prompt engineering and critical reflection, preparing artists to collaborate
effectively with Al and navigate the evolving creative landscape (Zhou and Lee 2024).

The gallery exhibition results provided valuable insights into audience preferences. In
Experiment 1, participants preferred the base painting for Artwork 1 but favored the co-
designed re-creation for Artwork 2. This suggests that while traditional artworks remain
highly valued, there is significant appreciation for co-created pieces that blend human and Al
creativity. In Experiment 2, the preference for handmade works was clear, with audiences
choosing the base painting for Artwork 3 and the handmade reproduction of the co-created
piece for Artwork 4. These findings highlight the importance of tactile and emotional qualities
in art, even when Al is part of the process.

Opinions gathered from artists and audiences further enrich this discussion. Artists considered
Al a valuable tool for inspiration and efficiency, offering new ideas and possibilities.
However, they emphasized the irreplaceable value of human touch and emotional depth. This
dual perspective shows AI’s potential to complement human creativity without
overshadowing it. By framing Al as a collaborative partner, educators can encourage critical
thinking about authorship and ethical practices in creative processes (Piskopani et al. 2023).

Audience feedback revealed that Al can support creativity, especially during periods of low
motivation or creative blocks. Its ability to automate repetitive tasks and provide fresh perspectives
was appreciated, but participants stressed the importance of maintaining authenticity and personal
input. Balancing AI’s capabilities with the preservation of human creativity is essential for
the future of art. Educators can use these insights to design lessons that combine technical
skills with discussions on ownership, compensation, and the evolving role of creativity.

Conclusion

Artificial intelligence is changing the way art is created and understood. Instead of seeing Al
as a threat to traditional art, this study shows that it can be used as a helpful tool to explore new
ideas and styles. Our results suggest that technology alone does not make art meaningful; people
still value the human element and the sense of originality in creative work.

This raises an important question: How can we keep the personal and cultural aspects of art
while using AI? To achieve this, art education should include practical training with Al tools
as well as discussions about ethics, authorship, and originality. Artists need to understand not
only how to use these systems but also how to make sure their work remains personal and
authentic.

Looking forward, creativity will likely involve a mix of human skills and Al capabilities. This
combination can speed up the creative process, make tools more accessible, and lead to new
artistic styles. At the same time, it is important to protect artists’ rights, ensure fair use of
data, and keep diversity in artistic expression. By using Al as a partner rather than a
replacement, the art world can create works that are innovative while still keeping the human
touch that makes art meaningful.
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